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Algorithm 1 NPLE-QI for large scale feature
Input: Large scale feature w.

1: @ = downsample(u).

2: [ =argmin |a — Al|3.

if | — Al|2 > €[> then

s. t. |[@ — Cwl|z £ €|as.

(95}

4: W =argmin|w|,
5: g=wu-upsample (Cw ).
6: else
g = u - upsample (Al).
8: end if
Output: Normalized large scale feature q.
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Method Extended Yale B CMU (?AS PEAL CAST
Subsetl | Subset2 | Subset3 | Subset4 | Subset5 | Mean | PIE | Light | Hat

HE 98.22 97.37 53.95 15.70 14.12 | 55.87 | 57.92 | 4.37 | 25.00 | 18.43

TT[1] 79.56 99.74 86.32 83.56 84.17 | 86.67 | 99.46 | 18.28 | 24.73 | 76.00

DCT [6] 88.89 100 88.16 88.53 87.02 | 89.53 | 99.85 | 20.29 | 33.66 | 81.00

NDF [8] 84.44 100 87.89 89.33 91.96 | 90.57 | 99.85 | 21.89 | 32.50 | 79.71

LTV [7] 90.22 100 89.74 84.59 87.16 | 90.34 | 98.85 | 21.58 | 30.54 | 82.29

PLTV 90.67 98.68 91.05 85.63 91.29 | 91.46 | 97.54 2247 | 29.64 | 81.57

PLTV * 90.67 98.68 90.53 86.81 90.15 | 91.36 | 98.92 24.37 | 33.12 | 80.80

NPL-QI[20] ‘ 98.66 100 94.21 72.00 52.35 | 83.44 | 96.31 ‘ 21.89 | 21.88 | 53.00

NPLE-QI 92.89 99.74 94.74 90.96 91.44 | 9395 | 99.54 23.32 | 28.04 | 68.00

S&L(LTV + DCT) [12] 91.11 100 92.11 89.78 88.30 | 92.26 | 98.85 | 20.60 | 34.38 | 82.86

S&L(LTV + NPL-QI) [12] | 99.11 100 96.57 85.33 77.18 | 91.64 | 98.62 | 26.13 | 30.00 | 79.71

S&L(LTV + NPLE-QI) 99.11 100 95.79 90.96 88.73 | 9492 | 98.92 25.50 | 31.34 | 83.71

S&L(PLTV + DCT) 91.56 100 91.32 89.93 89.16 | 92.39 | 98.85 | 20.37 | 33.84 | 82.57

S&L(PLTV + NPL-QI) ‘ 99.56 100 96.58 85.78 78.17 | 92.02 | 98.62 ‘ 26.04 | 25.09 | 79.29

S&L(PLTV + NPLE-QI) 99.56 100 96.84 90.96 91.58 | 95.78 | 98.92 25.72 | 30.18 | 84.29
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